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Abstract 

This research aims to examine the effect of bank internal indicators consisting of Non-Performing Financing (NPF), Liquidity Risk (LIK), Financing (LFIN) and Bank Size (LSIZE), and bank external indicators consisting of Bank Indonesia Interest Rates (RATE), Exchange Rates (USD), Inflation (INF) and Economic Growth (GROWTH) against vulnerability (VUL) of Islamic Banking in Indonesia in the short and long term. Islamic bank vulnerability is proxied by Z-Score. The analytical model used is Autoregressive Distributed Lag (ARDL). The results show that in the short term, NPF, LIK, LFIN, LSIZE, RATE, KURS, and INF have a significant effect on the vulnerability of Islamic banking. In the long term, NPF, LIK, LFIN, RATE, and USD have a significant effect on the vulnerability of Islamic banking. USD and LFIN have the largest coefficient values, meaning that in the long term USD and LFIN are the dominant factors that affect the vulnerability of Islamic banking in Indonesia. It is hoped that policymakers will be able to identify bank vulnerabilities before the banking crisis occurs. If the crisis can be detected in advance, the impact of the crisis can be avoided.
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INTRODUCTION 

The intense competition began to be faced by the Indonesian banking sector is facing the ASEAN Economic Community (AEC). The ASEAN Economic Community (AEC) is a regional economic improvement cooperation program (finance, trade/business, and banking) between ASEAN countries (Association South East Asia Nation). Competition between big ASEAN banks makes Indonesian banks face a serious threat considering that the assets and capital owned by banks in Indonesia are not strong enough to compete with big ASEAN banks. 

Banks as intermediary institutions do not escape from various kinds of problems. The bank's inability to manage or regulate its operational activities will affect the bank's performance. If this condition continues, the bank will go bankrupt. As a banking entity that is just growing, the issue of bankruptcy is something that must be watched out for, the latest issue regarding the threat of bankruptcy has hit Bank Muamalat Indonesia. This issue was triggered by the amount of Non-Performing Financing (NPF) of Bank Muamalat Indonesia in 2015 which reached 7.11% with a nominal value of Rp. 2.89 trillion, exceeding the maximum normal NPF limit of 5%. In addition to Bank Muamalat Indonesia, the issue of financial difficulties also emerged from the West Java Syariah Bank which had an NPF of 19.2% in 2017 and suffered a loss in the same year of Rp. 383 billion. In addition to the two banks, Panin Bank is included in the row of Islamic Banks which are rumored to be experiencing financial difficulties because Panin Bank's NPF reached 12.5% ​​in 2017, and in the same year Panin Bank suffered a large loss of Rp. 968 billion (Financial Services Authority, 2019 ). The failure of many Islamic commercial banks will have a domino effect on companies or other Islamic banks. The following are statistics on the development of Indonesian Islamic Banking.

Table 1

Development of Islamic Banking in Indonesia

	Year
	Number of Banks
	Number of Bank Offices

	2013
	11
	1,987

	2014
	12
	2,163

	2015
	12
	1,990

	2016
	13
	1,869

	2017
	13
	1,825

	2018
	14
	1,875

	2019
	14
	1,919


Source: OJK, 2019

Although the development of the Islamic banking industry in Indonesia shows a slow trend, shows a relatively good trend. Based on table 1, there were 14 Islamic commercial banks in December 2019, and the number of bank office networks in Indonesia was 1,919. In terms of institutional development, the number of Islamic commercial banks in Indonesia increased from 11 in 2013 to 14 in 2019. However, the number of existing bank offices has decreased. The number of bank offices in 2019 was 1,919 units. Compared to 2,163 units in 2014, the number of bank offices decreased by 244 units. In addition to the number of Islamic commercial banks, the development of Islamic banks can also be seen from bank profitability. One indicator of profitability is a return on assets (ROA). The following is the development of the profitability of Islamic Commercial Banks in Indonesia:
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Figure 1

Average Profitability of Islamic Banks in 2015-2019

Figure 1 shows that the average ROA of most Islamic commercial banks has not reached the minimum 2% required by Bank Indonesia. Among the 14 Islamic commercial banks, currently, only 3 banks have an average ROA of more than 2% during the 2015-2019 period. This means that Islamic banks cannot create minimum profits for banks. This can be a problem for Islamic banks because the ratio above does not match the safe standard for achieving ROA determined by Bank Indonesia. This study uses the Z-Score to assess bank vulnerability. The Z-Score value is obtained from the Comparison of Return on Assets plus Equity to Total Assets Ratio with a standard deviation of Return on Assets. The higher the Z-Score of a bank, the lower the possibility of bank bankruptcy (Khasawneh, 2016). A healthy and profitable banking system can be more resilient to economic shocks and play an important role in financial system stability (Harzevili & Chirani, 2016).

Vulnerability is a condition of the internal factors that lead to or cause an inability to face a dangerous threat. Economic vulnerability illustrates a level of economic fragility in the face of danger. Based on (Bernanke, 2013), a shock is a certain event that triggers (accompanies) the occurrence of a crisis (the proximate culture). Various vulnerabilities, both external and internal, have the potential to increase credit risk, market risk, and liquidity risk, which are feared to create systemic risks that disrupt the stability of the Indonesian financial system. 

Judging from the aspect of previous studies, it was found that many studies on bank vulnerability have been carried out. The results of the study (Rashid et al., 2017) show that Islamic banks in Pakistan have better performance than conventional banks and contribute more effectively to financial sector stability. The findings (Beck et al., 2010) show that there is no significant difference between the stability of Islamic banks and conventional banks. Another study was also conducted by (N. Mirza, B. Rahat, 2015) by finding that there was no significant difference between Islamic banks and conventional banks. In addition, Islamic banks have asset quality and financial stability that are superior to conventional banks. The findings (Gamaginta, 2015) show that in general, Islamic banks have a lower level of stability than conventional banks. There is a contribution return from a low to a low level of stability of Islamic banks. The results of the study (Ghenimi et al., 2017) show that there is no reciprocal relationship between credit risk and liquidity risk. However, separately these two risks affect bank stability in the Middle East and North Africa (MENA) region. Research conducted (Trabelsi & Trad, 2017) shows that the inflation rate affects the level of bank stability and credit risk. GDP growth also affects profitability, stability and minimizes credit risk. (Fakhri & Khemaies, 2017) suggests that the capital ratio has an important role in strengthening the stability of Islamic banks and conventional banks. There is a negative effect of the level of corruption index on stability. The level of liquidity and credit risk hurts the stability of conventional banks but does not affect Islamic banks. 

A study on bank vulnerability was also conducted by (Al-Khouri & Arouri, 2016). The results showed that the variable board size had a positive and significant effect on the stability of the Gulf State bank. However, the variables of government ownership, non-performing loan, loan to deposit, debt ratio, and regulation have a positive and insignificant effect on the bank stability variable. In addition, bank size, concentration, and inflation have a negative and significant effect on bank stability. The results of the study also found that in times of high credit growth, banks became less stable. The results of the study (Khasawneh, 2016) show that Islamic banks are more profitable than conventional banks in the Middle East and North Africa (MENA). On the other hand, conventional banks are more stable than Islamic banks. The results also show that bank profitability and stability are influenced by variables internal bank, macroeconomic variables, and financial crisis variables.

The Autoregressive Distributed Lag (ARDL) model has two advantages, namely unbiased and efficient because it can be used with a small sample. By using ARDL, long-term and short-term estimates can be obtained simultaneously, which will avoid autocorrelation problems. However, not too many studies have examined the factors that influence the vulnerability of banks using the autoregressive distributed lag (ARDL) model. Based on the description of the problems that have been described, the objectives of this study are (1) to examine the effect of Non-Performing Financing, Liquidity Risk, Financing, Bank Size, Bank Indonesia Interest Rates, Exchange Rates, Inflation and Economic Growth on Vulnerability Islamic Banking in Indonesia in the short term, and (2) Testing the effect of Non-Performing Financing, Liquidity Risk, Financing, Bank Size, Bank Indonesia Interest Rates, Exchange Rates, Inflation and Economic Growth on Vulnerability Sharia Banking in Indonesia in the long term. 

LITERATURE REVIEW 

Financial System Stability Theory

Financial stability is the absence of instability. Instability is an economic situation that is disrupted due to large fluctuations in the price of financial assets or when financial institutions fail to fulfill agreed obligations (Crockett, 1996). While (Bundesbank, 2003) describes financial stability as a balanced state of the financial system so that it functions efficiently in resource allocation and manages risks and carries out the payment function, can overcome economic shocks, bankruptcy, and fundamental structural changes. Circumstances also disrupt the functions and operations of financial institutions (Chant, 2003).  

Financial instability occurs when there is a shock to the financial system due to information flow problems so that the financial system is unable to carry out its function of channeling funds into productive investments (Mishkin, 1999). Meanwhile, (Schinasi, 2007) defines financial stability as the absence of a crisis, which means a situation where the financial system is resilient to economic shocks, so that the intermediation function, payment system, and risk distribution continue to function properly. According to (Simorangkir, 2014), things that can affect the stability of the financial system within the institution include financial risk (liquidity, interest rates, exchange rates), operational risk, technological weakness/failure, legal risk, reputation risk, strategic risk, construction risk, and capital risk. 

The Banking Vulnerability 

The theory underlying banking vulnerability on the liability side is the Prisoner's Dilemma theory. As is known, the loss of public trust in banks will cause simultaneous and instantaneous withdrawals of funds (rush or run). The behavioral mechanisms underlying this phenomenon, for example, were investigated by (Diamond & Dybvig, 2000). Bank vulnerabilities occur because of the interaction between liquid liabilities which are generally short term and illiquid assets which are generally long-term.

According to (Hadad et al., 2003) banks are very easily influenced by external factors, because they are part of the financing system. Furthermore, banking is very easy to shake because; (1) the amount of cash is very small compared to its immediate obligations; (2) the bank's capital is very low compared to its liabilities, and (3) the ratio of short-term Financing is very large. According to (Kaufmann et al., 2005) Vulnerability is a characteristic element in the financial system in the form of a vulnerable node that amplifies and propagates the initial shock that will magnify the shock in the financial system.

METHOD
This research used secondary time-series data from Statistics of Sharia Banking by The Financial Services Authority (OJK). Data were collected every month between June 2014 and December 2020. RATE, Inflation, and Exchange Rate data were obtained from Bank Indonesia while economic growth was obtained from the Badan Pusat Statistik (BPS-Statistics Indonesia) between June 2014 and December 2020. 

Variables dependent in this study are vulnerability. Vulnerability is measured using the Z-Score which is a tool to assess the probability of a bank facing financial failure. Z-score is a reflection of the strength of a bank. The calculation of the Z-Score value takes into account financial ratios. Z-Score is calculated based on the following formula:
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Description:

RoA

= Return on Assets

ETA

= Equity to Total Assets Ratio
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Vulnerability level can be seen from the Z-Score value. The higher the Z-Score value, the lower the probability value of the bank experiencing financial failure. The independent variables used in this study consist of bank indicators (Non-Performing Financing, Liquidity Risk, Financing and Bank Size) and bank external indicators (Interest Rates, Exchange Rates, Inflation, and Economic Growth). As for the description of the research variables, it is presented in the following table:

Table 1. Research Variables
	Variable
	Definition

	VUL
	Vulnerability banking, namely the Z-Score of Sharia Commercial Banks 

	NPF
	Ratio Non-Performing Financing (NPF) of Sharia Commercial Banks 

	LIK
	Liquidity Ratio of Sharia Commercial Banks 

	LFIN
	The logarithm of  Financing of Sharia Commercial Banks 

	LSIZE
	The logarithm of  Total Assets Sharia Commercial Banks

	RATE
	The interest rate of Bank Indonesia

	INF
	Change in a consumer price index

	USD
	IDR: USD at time t

	GROWTH
	Economic growth, Interpolation of quarterly data.


Method of Data Analysis 

Test Autoregressive Distributed Lag (ARDL) 

To explain the effect of Non-Performing Financing, Liquidity Risk, Financing, size of the Bank, an interest rate of Bank Indonesia, Exchange Rate, Inflation and Economic growth on the vulnerability of Islamic banking in Indonesia, this study uses the specification of the Autoregressive Distributed Lag (ARDL) model. The ARDL equation model used in this research is as follows:
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The primary requirement before estimating the ARDL model was the stationary test. Each variable had to be stationary in the level and first difference. The assumption was tested using Augmented Dickey-Fuller (ADF) and Phillip-Perron (PP) methods involving intercept and trend, or intercept. This was aimed to accommodate the tendency of the trend to time. Furthermore, the ARDLmodel was used to predict the short and long term in vulnerability of Islamic banking. It is a regression model of present and past values of Non-Performing Financing, Liquidity Risk, Financing, size of the Bank, an interest rate of Bank Indonesia, Exchange Rate, Inflation and Economic growth.

RESULT AND DISCUSSION 
Based on the stationarity test using PP (Phillips-Perron) that has been carried out, the results of the data stationarity test show that none of the data is stationary at the level, but all are stationary at the first difference. The test results can be seen in Table 2. 

Table 2.
Stationarity Test 

	No
	Variable
	PP(Phillips-Perron)

	
	
	At Lavel
	1st
	2nd

	
	
	Prob.
	Prob.
	Prob.

	1
	Vul
	0.6900
	0.0000
	-

	2
	NPF
	0.7982
	0.0000
	-

	3
	LIK
	0.0900
	0.0000
	-

	4
	LFIN
	0.9342
	0.0000
	-

	5
	LSIZE
	0.9143
	0.0000
	-

	6
	RATE
	0.6144
	0.0000
	-

	7
	INF
	0.2214
	0.0000
	-

	8
	USD
	0.1585
	0.0000
	-

	9
	GROWTH
	0.0128
	0.5526
	-


Cointegration Test Results 

test results using the approach bound test can be seen in Table 3. 

Table 3.
Bound Test

	Test Statistical
	Value
	Significant.
	I(0)
	I(1)

	F-statistic
	5.122518
	10%
	1.85
	2.85

	K
	8
	5%
	2.11
	3.15

	
	
	2.5%
	2.33
	3.42

	
	
	1%
	2.62
	3.77


The cointegration test results based on the approach bound test in Table 4 above show the value The F-statistic of 5.122518 means that there is cointegration in the variables in the model being tested so that there is a short-run to long-term balance on these variables. 

ARDL Model Estimation Results Short-Term and Long-Term Coefficients The 
results of the short-term relationship based on the ARDL model can be estimated as in Table 4.
Table 4.
Short-Term ARDL Estimation Results

	Variable
	coeffisient
	Std. Error
	t-Statistic
	Prob.*

	VUL(-1)
	0.391484
	0.144504
	2.709164
	0.0114*

	VUL(-2)
	-0.099497
	0.149720
	-0.664553
	0.5118

	VUL(-3)
	-0.090170
	0.136796
	-0.659160
	0.5152

	VUL(-4)
	-0.280314
	0.111052
	-2.524161
	0.0175*

	NPF
	-1.113857
	0.480848
	-2.316446
	0.0281*

	NPF(-1)
	-1.285102
	0.510950
	-2.515124
	0.0179*

	NPF(-2)
	-0.535193
	0.556306
	-0.962048
	0.3443

	NPF(-3)
	-0.454044
	0.544651
	-0.833643
	0.4115

	NPF(-4)
	-0.834781
	0.535783
	-1.558056
	0.1305

	LIK
	0.079079
	0.021138
	3.741184
	0.0008*

	LFIN
	-11.58049
	5.180397
	-2.235445
	0.0335*

	LSIZE
	-17.47741
	7.272040
	-2.403370
	0.0231*

	LSIZE(-1)
	17.58470
	8.119844
	2.165645
	0.0390*

	LSIZE(-2)
	8.458479
	8.069019
	1.048266
	0.3035

	LSIZE(-3)
	-20.10345
	7.729601
	-2.600839
	0.0147*

	LSIZE(-4)
	16.67671
	6.651256
	2.507303
	0.0182*

	RATE
	0.700466
	0.483521
	1.448676
	0.1585

	RATE(-1)
	-3.026514
	0.659987
	-4.585716
	0.0001*

	RATE(-2)
	1.772365
	0.773378
	2.291719
	0.0296*

	RATE(-3)
	0.407476
	0.708231
	0.575344
	0.5697

	RATE(-4)
	0.859275
	0.543099
	1.582169
	0.1248

	INF
	0.493514
	0.241879
	2.040333
	0.0508

	INF(-1)
	-0.631478
	0.250668
	-2.519185
	0.0178*

	INF(-2)
	0.510992
	0.241340
	2.117314
	0.0432*

	INF(-3)
	-0.202542
	0.189440
	-1.069162
	0.2941

	USD
	8.021643
	5.220670
	1.536516
	0.1356

	USD(-1)
	6.935263
	5.431067
	1.276962
	0.2121

	USD(-2)
	-11.12993
	5.111697
	-2.177346
	0.0380*

	USD(-3)
	17.55721
	5.719378
	3.069776
	0.0047*

	USD(-4)
	11.42837
	6.187236
	1.847088
	0.0753

	GROWTH
	0.987976
	3.026244
	0.326469
	0.7465

	GROWTH(-1)
	-2.334613
	4.731060
	-0.493465
	0.6255

	GROWTH(-2)
	0.592194
	4.413422
	0.134180
	0.8942

	GROWTH(-3)
	4.146132
	2.678005
	1.548217
	0.1328

	C
	-81.08087
	70.22123
	-1.154649
	0.2580

	R-squared
	0.977409
	 Mean dependent var
	28.98238

	Adjusted R-squared
	0.949977
	 S.D. dependent var
	2.362923

	S.E. of regression
	0.528489
	 Akaike info criterion
	1.862592

	Sum squared resid
	7.820422
	 Schwarz criterion
	3.053222

	Log likelihood
	-23.67165
	 Hannan-Quinn criter.
	2.330873

	F-statistic
	35.63001
	 Durbin-Watson stat
	2.531091

	Prob(F-statistic)
	0.000000
	
	
	


Description:* Significance level below 0.05

Selection of the best ARDL model with optimal lag combination selected based on the Akaike Info Criterion (AIC). Based on AIC selection, the best ARDL model for this research model is ARDL (4, 4, 0, 0, 4, 4, 3, 4, 3). The R-Squared Adjusted value and the R-Bar-Squared value of the ARDL model are relatively high, with an average of 0.977409 and 0.949977. The R-Squared Adjusted value of 0.949977 states that 94.9977% of the variation in the dependent variable is vulnerability able to be explained by each of the selected ARDL model independent variables. This is an early indication that this research model is good enough to be analyzed.

The table shows that the probability values ​​for several parameter coefficients, namely VUL(-1), VUL(-4), NPF, NPF(-1), LIK, LFIN, LSIZE, LSIZE(-1), LSIZE(-3) , LSIZE(-4), RATE(-1), RATE(-2), INF(-1), INF(-2), USD(-2), and USD(-3) have probability values ​​less than = 0.05. This means that at the 95% confidence level, several independent variable parameter coefficients significantly affect the dependent variable. The results of the long-term relationship based on the ARDL model can be estimated as in table 5. 
Table 5.
ARDL Long-Term Estimation Results

	Variable
	coeffisient
	Std. Error
	t-Statistic
	Prob.*

	NPF
	-3.915613
	0.654842
	-5.979478
	0.0000

	LIK
	0.073324
	0.020700
	3.542151
	0.0014

	LFIN
	-10.73762
	4.421474
	-2.428516
	0.0218

	LSIZE
	4.764992
	3.586082
	1.328746
	0.1947

	RATE
	0.661169
	0.218774
	3.022156
	0.0053

	INF
	0.158076
	0.276913
	0.570853
	0.5727

	USD
	30.42434
	3.727880
	8.161299
	0.0000

	GROWTH
	3.144830
	2.217389
	1.418259
	0.1672

	C
	-75.17951
	65.42392
	-1.149113
	0.2602

	EC = VUL - (-3.9156*NPF + 0.0733*LIK -10.7376*LFIN + 4.7650*LSIZE  +0.6612*RATE + 0.1581*INF + 30.4243*USD + 3.1448*GROWTH 75.1795 )


Note: The significance level is below 0.05

From the long-term estimation results of ARDL, it shows that the variables NPF, LIK, LFIN, RATE, and USD have a significant effect on Islamic banking VUL at a significance level of 5%. While the variables LSIZE, INF, and GROWTH have no significant effect because they have a probability value greater than 0.05 (5%). These results show that the USD variable has the largest coefficient value, meaning that the exchange rate is the dominant factor that affects the vulnerability of Islamic banking in Indonesia. Exchange Rate Increase by 1% will increase the vulnerability of Islamic Banking in Indonesia by 30.42%. The equation formed from the table is as follows:
VUL = -75.1795 -3.9156*NPF +0.0733*LIK -10.7376*LFIN +4.7650*LSIZE +0.6612*RATE +0.1581*INF +30.4243*USD +3.1448*GROWTH 
Long-term estimation results obtained regression coefficient NPF of – 3.9156 and the probability value of t is 0.000. NPF has a significant effect on the vulnerability of Islamic banking in Indonesia. While the short-term estimation results show that NPF and NPF(-1) have a significant effect on vulnerability. Long-term estimation results obtained LIK . the regression coefficient of 0.0733 and the probability value of t is 0.0014. LIKE significant effect on the vulnerability of Islamic Banking in Indonesia. While the short-term estimation results show that LIK has a significant effect on the vulnerability of Syariah banking. 

In the long-term LFIN estimation results obtained a regression coefficient of -10.7376 and the probability value of t is 0.0218 and the LFIN significant effect on the vulnerability of Islamic banking in Indonesia. While the short-term estimation results show that LFIN has a significant effect on the vulnerability bank. 

Expansion is an active action to expand and enlarge the company. Long-term estimation results obtained LSIZE. the regression coefficient of + 4.7650 and the probability value of t is 0.1947. At the significance level of 5% (0.05), the probability value of t is 0.1947> 0.05, so it can be concluded that LSIZE is no significant effect on the vulnerability of Islamic banking in Indonesia. While the short-term estimation results show that LSIZE, LSIZE(-1), LSIZE(-3), LSIZE(-4), have a significant effect on bank vulnerability. 

Long-term estimation results obtained a RATE regression coefficient of 0.661169 and the probability value of t is 0.0053. At the significance level of 5% (0.05), the probability value of t is 0.0053 <0.05, so it can be concluded that RATE has a significant effect on the vulnerability of Islamic banking in Indonesia. Meanwhile, the short-term estimation results show that RATE(-1) and RATE(-2), have a significant effect on bank vulnerability.

Long-term Estimated Results INF variable obtained a regression coefficient of 0.158076 and the probability value of t is 0.5727. At the significance level of 5% (0.05), the probability value of t is 0.5727> 0.05, so it can be concluded that the INF does not significantly affect on the vulnerability of Islamic banking in Indonesia. While the short-term estimation results show that INF(-1) and INF(-2), have a significant effect on bank vulnerability. If inflation is higher than expected, then the debtor (borrower /mudharib) will benefit while the creditor (bank /sahib mal) will be harmed because the debtor /mudharib pays the loan/financing with a smaller value of money. As a result, the profits obtained by banks from funds lent to debtors are not proportional to the costs to be paid to creditors (owners of savings funds), therefore the ability of banks to pay obligations to creditors also weakens and causes banking vulnerability to increase. 

The long-term estimation results obtained USD. the regression coefficient of 30.4243 and the probability value of t is 0.0000. At the significance level of 5% (0.05), the probability value of t is 0.000 <0.05, so it can be concluded that the USD significant effect on the vulnerability of Islamic banking in Indonesia. While the short-term estimation results show that USD(-2), and USD(-3) have a significant effect on bank vulnerability. These results show that the USD variable has the largest coefficient value, meaning that the exchange rate is the dominant factor that affects the vulnerability of Islamic banking in Indonesia. The results of the study show that growth is the only variable that does not have a significant effect on the vulnerability of Islamic banking in Indonesia. The higher the level of economic development will be able to have a relationship with the increase in profitability that can be obtained by the bank. 

CONCLUSION 

The results show that Non-Performing Financing (NPF), Liquidity Risk (LIK), Financing(LFIN) and Bank Size (LSIZE), Bank Indonesia Interest Rates (RATE), Rupiah Exchange Rate (USD), and Inflation (INF) has a significant effect on the vulnerability of Islamic banking in Indonesia in the short term at a certain lag. Only the variable Economic Growth (GROWTH) has no significant effect on the vulnerability of Islamic banking in Indonesia. In some lags, variables that affect the vulnerability of Islamic banks include: VUL(-1), VUL(-4), NPF, NPF(-1), LIK, LFIN, LSIZE, LSIZE(-1), LSIZE(-3) , LSIZE(-4), RATE(-1), RATE(-2), INF(-1), INF(-2), USD(-2), and USD(-3). The results of this study indicate that not only internal indicators and external indicators affect the vulnerability of Islamic banking, but are also influenced by vulnerability to certain lags (previous month) namely VUL(-1) and VUL(-4).

The long-term estimation results show that NPF, LIK, LFIN, RATE, and USD have a significant effect on the vulnerability of Islamic Banking in Indonesia. Meanwhile, LSIZE, INF, and GROWTH have no significant effect on the vulnerability of Islamic Banking in Indonesia. 
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